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Bank of Jordan, its board of director, or CBJ management.

Abstract

The paper proposes a new method to forecast the inflation in Jordan using
artificial intelligence. The paper uses (Long Short Term Memory (LSTM)) to predict
inflation for the year 2022 and compares the results with (Autoregressive Moving
Average (ARMA)) model.

The results show that LSTM-based inflation forecasting is more accurate and
closer to actual data, especially when using the Constant Model with monthly data. In
this case, the inflation rate forecasted was 4.2% in 2022, which is the same inflation rate
recorded for the year 2022 and issued by the Department of Statistics. In comparison,
the forecasted inflation rate using ARMA was 4.3% for 2022.Therefore, the constant
model appears to be better for making predictions, and LSTM outperforms ARMA in
terms of accuracy.

keywords: Inflation Rate, Artificial Intelligence, Long Short-Term Memory (LSTM) model,
Autoregressive Moving Average (ARMA) model.

JEL Classification: E31, E37, CO01.
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